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Quantifying Spatial Clusters
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Hot Spot Analysis Cluster and Outlier Analysis



What about time?



January 2015

211 Calls

January 2016

Where have things changed? Is it meaningful?
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911 Calls
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S€, but neqr things
things.,”

Tobler's first law

of geography




“...everything is related
to everything else, but

near and recent
things are more related

than distant things.” @




Quantifying Spatiotemporal Clusters
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The Space Time
Pattern Mining Tools



Create Space Time

Cube By Aggregating s«
Points

aggregates a set of points into space-time

bins, co
optiona

unting the number of points ana

ly calculatir

g statistics for attributes
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Aggregation Options

fishnet hexagon defined
grid grid locations



Create Space Time
Cube From Defined
Locations

structures panel data or station data where
geography does not change but attributes
change over time into space-time bins




Data can be one set of
features with a related
table containing
attributes over time
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Values
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Emerging Hot ‘
Spot Analysis .

identifies trends in the clustering of counts
or summary fields in a space time cube
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Local Outlier
Analysis

identities statistically significant clusters and
outliers in the context of both space and
time
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Time Series
Clustering

partitions the time series in the cube based
on the similarity of either value or profile
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